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A B S T R A C T
This work aims to assess the impact of renewable energy incentives, particularly that of the feed-in
tariff (FiT), on the long-term development of solar photovoltaics (PVs). With this aim, the paper
introduces a dynamic model based on nonlinear delay differential algebraic equations to simulate the
evolution of the PV capacity and its commitment in the power grid. The model assumes the FiT
budget, the PV cost and willingness of the public to install PVs as the main drivers for solar PV
installations. In particular, the learning-by-doing concept to model the PV cost and consequently the
PV deployment is proposed for the first time in this paper. The accuracy of the model is validated
against historical data of two of the biggest PV markets in the world driven by FiT, namely, Italy
during 2008-2014, and Germany during 2000-2014. A sensitivity analysis based on the Italian PV
market is carried out to identify the impact of the parameters of the proposed model. Results indicate
that the proposed model is a valuable tool that can help policymakers in the decision-making process,
such as the definition of the FiT price and the duration of the incentives.

1. Introduction
1.1. Background and Motivation

Due to extremely favorable incentives policies and in-
stallation cost reduction, the solar photovoltaic (PV) market
has seen a significant increase over the past two decades. As
a matter of fact, PV generation is one of the leading tech-
nologies to achieve the target for high shares of renewable
energy sources set by the European Union and combat the
global climate change [1].

The most common incentive mechanism in Europe has
been the so called feed-in tariff (FiT) [2, 3]. A FiT program is
an incentive plan that provides investors with a set payment
for electricity generated from renewable energy sources fed
into the power grid [4]. It is typically introduced as a booster
in the early stages of solar PV development. The latest re-
ports on the global status of renewables integration explic-
itly indicate that FiT is a highly adopted policy to support
PV development. For example, reference [5] suggests that
“Government policies continued to propel most of the global
market in 2020, with feed-in tariffs (FITs) and tenders the
leading policy drivers of the centralised market, and FITs
and incentivised self-consumption or net metering the pri-
mary drivers of the distributed market”. The relevance of
FiT is also supported by the recent literature [6, 7].

In Europe, two of the main PV markets have been Italy
and Germany. Indeed, these two markets alone accounted
for 60% of the global PV market in 2010 [8]. According to
the latest PV data from IRENA [9], Germany and Italy are
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the leading countries in Europe when it comes to the total cu-
mulative installed PV capacity, with 58,461 MW and 22,698
MW, respectively.

While FiT has provided a good platform for increasing
the number of PV installations, it has also put a massive bur-
den on the national budgets. This is because governments
put in place extremely favorable and generous FiT schemes.
However, generous FiT prices may lead to economic insta-
bility and eventually to the collapse of the scheme. Hence,
defining appropriate policies is of utmost importance [10].
Understanding the coupling between incentives and the ac-
tual installed capacity of PV panels is considered key for the
design of policies under different scenarios [11]. A powerful
way to understand the long-term behavior of incentive poli-
cies and capture the interactions among their variable com-
ponents, is to construct proper dynamic models and simulate
their response over different scenarios.

Reference [12] states that, in practice, “national or re-
gional installation of solar PV systems depends on factors
such as solar PV cost, FiT price, and the installation sub-
sidies provided.” Motivated by this statement, this paper
relates the number of PV installations to the above factors
by constructing a proper dynamic model. In particular, the
proposed model uses the learning-by-doing concept to real-
istically account for PV technology cost reductions due to
gained experience [13].
1.2. Literature Review

There has been significant work on the impact of energy
policies on the long-term development of renewable ener-
gies. For example, the authors in [10] propose a dynamic
model to study the impact of incentive policies on power
system reliability, costs and environment in Spain. However,
the analysis is country-specific (only Spain considered in the
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case study) and the model does not directly account for PV
cost reductions. In the same vein, references [12] and [14]
use the system dynamics approach to simulate Taiwan’s and
China’s PV development, respectively, under different pol-
icy incentives, but use an oversimplified method for the PV
technology cost reduction. It must be noted that the above
three references rely on a specific commercial software tool
(utilized as a "black-box") to implement the dynamic mod-
els and perform the relevant analyses. This is considered a
disadvantage compared to the dynamic model proposed in
this work, which can be implemented in any software tool
able to integrate a set of differential equations. The work in
[15] proposes a generic dynamic model to study the viability
conditions of the FiT schemes but neglects the PV cost and
uses a simple constant penetration rate for the contribution
of renewable energies in the energy mix. Finally, the work in
[16] combines the system dynamics method with the Monte
Carlo simulation to consider various uncertainties of renew-
able energy technologies over the long-term. However, it
does not consider the FiT effect (e.g. impact of FiT price)
and focuses in a single market (Korean PV power genera-
tion).

The aforementioned works give insights into the dynamic
evolution of solar PV systems for specific countries and/or
for specific aspects of the system. However, to the best of our
knowledge, a comprehensive and general dynamic model
able to capture the dynamic evolution of solar PV capacity
for different countries is missing. This paper attempts to fill
this gap. With this aim, the paper builds on the above works
and proposes a generic dynamic model formulated as a set
of nonlinear delay differential algebraic equations that can
capture the solar PV evolution of different countries. In this
work, Italy and Germany are chosen as two of the main PV
markets driven by FiT in Europe to validate the model’s ac-
curacy. The main assumption of the model is that the cost
of PV systems, the budget of the policy and willingness of
public to install PVs are the main drivers for the evolution
of the PV installations.

The paper provides the following contributions with re-
spect to the state of art:

• A simple yet accurate dynamic model for the long-
term development of solar PV generation.

• The utilization of the learning-by-doing concept, FiT
price and willingness of people to install PVs to repro-
duce the evolution of PV installations. In particular,
the learning-by-doing concept to model the PV devel-
opment is proposed for the first time in this paper to
better represent the PV technology cost reductions.

• A thorough validation of the proposed model through
the Italian and German cases. The ability to fit differ-
ent cases is a feature of the proposed model. In fact,
other models proposed in the literature only fit a single
PV market.

The remainder of the paper is organized as follows. Sec-
tion 2 presents the background of FiT schemes in Italy and

Germany. Section 3 presents the proposed dynamic model.
The model validation and sensitivity analysis are given in
Section 4 and Section 5, respectively. Finally, Section 6
states the main conclusions of this work and discusses rele-
vant policy implications.

2. FiT Evolution in Italy and Germany
2.1. Italy

The solar PV capacity in Italy experienced an unexpected
and exponential growth between 2008 and 2012 [17]. The
main driver of the increase was the favorable and generous
FiT applied by the Italian government through the so called
energy bill [18, 19]. The first energy bill was introduced in
2005 and lasted until 2007. While it included a very high
FiT price, namely, 490 EUR/MWh, this energy bill also had
a cap of 100 MW. The capacity cap and the excessive bu-
reaucratization regarding the procedures for the installations
were a huge barrier to incentivize the investors [18].

In 2008, the Italian government introduced the second
energy bill. This bill remained in place until 2010. It fore-
saw a 2% decrease of the FiT price and removed the admin-
istrative procedure and the cap on the overall PV capacity.
Despite the decrease of the FiT price, the bill had a positive
impact with 432 MW additions taking place in 2008. This
deployment led to an aggregate cost of 110 MEUR. The solar
PV capacity tripled in 2009 with a capacity of 1,114.4 MW
and an annual cost of 303 MEUR [18]. At this point, the Ital-
ian government realized that the incentive cost was creating
a considerable burden on the national budget. Thus, the gov-
ernment introduced the third energy bill where it foresaw a
cut of the FiT price. Despite the new changes, the rush in
the PV investment continued, and 3.74 GW were added. In
terms of costs, 800 MEUR were paid in 2009 [18]. Further-
more, it is relevant to mention that this bill set an aggregate
cap of 23 GW and 6,700 MEUR for the installed capacity
and incentive cost, respectively.

In 2012, the Italian government revised the energy bill
again and significantly decreased the FiT price. Finally, on
the 7th of July 2013, the assigned annual incentive budget of
6,700 MEUR was reached thus leading to the removal of the
FiT [2].
2.2. Germany

In 2010, Germany was the world’s largest market for PVs
with approximately 17.3 GW of installed capacity [20]. The
growth was directly related to the so called renewable en-
ergy sources act in 2000 that introduced the FiT mechanism
[21]. The act restored a secure climate for investment as it
guaranteed a fixed price for PV-generated electricity for a
period of 20 years. In other words, it provided long-term fi-
nancial security for investors and made the PV technology
economically viable [8].

The German FiT mechanism for solar PV power is re-
garded by many as a highly effective policy instrument that
led to a significant diffusion and development of PV technol-
ogy [22]. Since its implementation in 2000, the installed ca-
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pacity of renewable energy technologies increased remark-
ably, more than eightfold between 2000 and 2015 [23].

The initial plan was to review the FiT scheme every year
to take into account technological and price developments
[24]. For example, the amending law of 2004 stated that the
FiT price for PV and other renewable technologies should
be increased to reflect the cost situation of the technologies
[15]. Then the modification of the renewable act in 2009
established an increase in the reduction of FiT from 5% to
10% [8]. The renewable act was further amended in 2012
and decided to reduce FiT by 1% per month, and set a 52
GW PV capacity threshold [21]. The German government
moved away from the FiT approach in 2014, and introduced
pilot auctions for solar energy [25].

Finally, we illustrate the FiT policy changes (e.g., the
evolution of FiT price and fund (reviewed every certain year))
of both Italy and Germany in Tab. 4 and Tab. 6, respectively.

3. Proposed Model
This section presents the proposed dynamic model. The

objective of the model is to simulate and reproduce long-
term variation of indices such as the number of solar PV
installations and solar PV generation capacity. This model
properly accounts for the dynamic coupling between differ-
ent variables of the system, for example, between the FiT
price and the number of PV installations.

The remainder of this section describes the mathematical
formulation of the proposed solar PV energy policy model.
For clarity, the description of all variables is given in Table 2
of Appendix A.
3.1. PV Installation Costs

In this work, we use the learning-by-doing concept to
model solar PV system costs [26]. It is well-known that,
as the cumulative output of a product increases, its cost de-
creases due to gained experience. For example, the experi-
ence earned from the solar PV panel unit production process
accumulates and, over time, leads to a cheaper production of
future units. In mathematical terms, this can be expressed as
[27]:

𝑐(𝑡) = 𝑐0 ⋅
(

𝑛(𝑡)
𝑛0

)−𝛽
, (1)

where 𝑐(𝑡) is the cost of installing a MW unit (EUR/MW);
𝑐0 is the initial cost at 𝑡 = 0; 𝑛0 and 𝑛(𝑡) are the initial and
cumulative MW installed to the system, respectively; and
𝛽 is the learning parameter. Eq. (1) means that production
costs will decrease exponentially and tend to zero in the long
run [20].

The rate of the cost reduction can be quantified by refer-
ring to the learning rate (expressed as a percentage), which
is calculated as follows:

𝐿𝑅 = 1 − 2−𝛽 . (2)
For example, a value of 𝛽 = 0.322 means that doubling solar
PV installations will lead to approximately 20% reduction of
the PV panel production cost.

3.2. Cumulative PV Installations
As mentioned above, this study assumes three main fac-

tors that decide the number of PV installations, namely, FiT
budget, PV cost and willingness of the people to install PVs.
The factors represent economic indicators that motivate peo-
ple to install solar PVs. In this context, the cumulative PV
installations are calculated through the following differential
equation:

𝑇𝑛 ⋅
𝑑𝑛(𝑡)
𝑑𝑡

=
𝑤(𝑡) ⋅ 𝑦(𝑡)

𝑐(𝑡)
, (3)

where 𝑦(𝑡) is the cumulative revenue of the FiT scheme (EUR)
(see Eq. (10) below); and 𝑤(𝑡) represents the willingness of
people to install PVs (see Eq. (6)). Eq. (3) allows relating FiT
policy parameters (e.g., FiT price through 𝑤(𝑡), see Eq. (6)
below) to the actual PV deployment (i.e., 𝑛(𝑡)).
3.3. Feed-in Tariff Price Dynamics

The evolution of the FiT price is described by the follow-
ing equation:

𝑓 (𝑡) = 𝛼(𝑡 − 𝜏) , (4)
where 𝑓 (𝑡) represents the FiT price (equal to the delayed
value of 𝛼(𝑡)); 𝜏 is a time delay that models the time that has
elapsed when the FiT starts decreasing; and 𝛼(𝑡) is a proper
decreasing function, defined as follows:

𝑇𝛼 ⋅
𝑑𝛼(𝑡)
𝑑𝑡

= 𝛼(𝑡 − 𝜏) − 𝛼0 , (5)
with 𝑇𝛼 being its time constant and 𝛼0 representing an input
disturbance. To model the decrease of the FiT price by the
governments over time, we assume that the value of 𝛼0 is
20% greater than the initial value of 𝛼(𝑡), say 𝛼(𝑡0). There-
fore, there will be a negative balance in Eq. (5) which means
that 𝛼(𝑡) will start decreasing after a time that is equal to the
delay 𝜏. Note that in practice, the governments cannot de-
crease the FiT price indefinitely. Hence, in order to prevent
that Eq. (5) becomes lower than a certain minimum value,
we implement a limit on the value of 𝑓 (𝑡) and 𝛼(𝑡), respec-
tively (see Eqs. (15)-(16) in Appendix B).
3.4. Willingness of People to Install PVs

People’s willingness is a crucial factor to increase the
solar PV capacity [12, 28]. It is well-known that people are
more willing to do something if the incentive is high. For this
reason, we assume that the willingness of people to install
PVs is proportional to the FiT price, as follows:

𝑤(𝑡) =
𝑓 (𝑡)
𝑓0

, (6)

where 𝑓0 is the initial FiT price. Thus, the model assumes
that people’s behavior to install PVs follows a strategy that is
based on pure economic return. Furthermore, it is assumed
that when 𝑓 (𝑡) hits the lower limit, say 𝑓min, 𝑤(𝑡) will still
decrease. This implies that even though the FiT price is con-
stant, people’s willingness will continue to decrease since
the FiT price is too low.
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The assumption that the willingness of people to install
PVs is proportional to the FiT price (Eq. (6)) is widely ac-
cepted in the literature, e.g. [12]. Different from [12], where
the willingness of people to install PVs directly depends on
other factors such as total cost of PV installations, in this
work, the willingness of people is modelled as a proper de-
creasing function based on FiT price. However, note that we
explicitly model the total cost of PVs through Eq. (1) and its
impact on PV installations in Eq. (3). Therefore, it can be
concluded that our model offers new ways to relate/model
the willingness of people as well as the cost of PV installa-
tions and their impact on total PV installations.
3.5. Contribution of Solar PVs in the Energy Mix

The contribution of solar PVs in the energy mix (i.e.,
PV installed capacity being effectively utilized) is modeled
through the following algebraic equation [8]:

𝑒𝑧(𝑡) = 𝑛(𝑡) ⋅ 𝐼 ⋅ 𝑃𝑅 , (7)
where 𝑒𝑧(𝑡) represents the energy produced by PV generation
(MWh); 𝐼 is the reference PV yield (MWh/MW) e.g., in a
year; PR is the performance ratio (e.g., 85%).

In general, it is useful to estimate the cumulative so-
lar PV generation. With this aim, the following differential
equation is introduced:

𝑇𝑧 ⋅
𝑑𝑧(𝑡)
𝑑𝑡

= 𝑛(𝑡) ⋅ 𝐼 ⋅ 𝑃𝑅 , (8)
where 𝑑

𝑑𝑡 denotes the time derivative; 𝑧(𝑡) represents the cu-
mulative PV generation and 𝑇𝑧 represents its time constant.
3.6. Cumulative Expenses to Support Solar PV

Generation
As mentioned above, under the FiT program, investors

are paid using a fixed price (𝑓 (𝑡)) for the electricity gener-
ated and fed into the grid from the solar power plant. The
cumulative expenses to support solar PV generation can be
predicted using the following differential equation [15]:

𝑇𝑥 ⋅
𝑑𝑥(𝑡)
𝑑𝑡

= 𝑓 (𝑡) ⋅ 𝑒𝑧(𝑡) , (9)
where 𝑥(𝑡) represents the cumulative expenses to support the
solar PV production and 𝑇𝑥 represents its time constant.
3.7. Cumulative Revenue of the FiT Fund

Incentives such as FiT are generally paid by the con-
sumers through a surcharge on the electricity bill [23]. In
this context, the cumulative revenue of the FiT fund can be
modeled through the following differential equation [15]:

𝑇𝑦 ⋅
𝑑𝑦(𝑡)
𝑑𝑡

= 𝜆 ⋅ 𝐿𝑃 ⋅ 𝑒𝐿 ⋅ 𝑢 , (10)
where 𝑇𝑦 represents the time constant of 𝑦(𝑡); 𝜆 represents
the electricity price; 𝐿𝑃 is the constant levy given as a per-
centage of the electricity price; 𝑒𝐿 is the total energy con-
sumption (assumed constant in this work unless stated oth-
erwise); and 𝑢 = 1 if:

𝑦(𝑡) > 𝑥(𝑡) , ∀𝑡 , (11)

holds. Otherwise 𝑢 = 0. Equation (11) represents the via-
bility condition of the FiT scheme [15]. In other words, the
condition for the FiT viability is that the cumulative revenue
of the FiT fund (𝑦(𝑡)) should be greater at any time than the
cumulative expenses 𝑥(𝑡).
3.8. Variable Limits

In practice, there are limits on certain variables of the
system. For example, the FiT budget is not infinite, and the
FiT price cannot decrease indefinitely. Appendix B presents
the implementation of the limiters for the variables of the
proposed model.

4. Model Validation
The accuracy of the model is validated based on two

of the most important PV markets in Europe and globally,
namely, Italy for the period 2008-2014 and Germany for the
period 2000-2014. With this aim, simulation results pro-
duced with the proposed model are compared against his-
torical data. Six key and highly uncertain variables of the
model are selected for illustration. These are: (1) cumula-
tive PV capacity; (2) cumulative PV generation; (3) PV cost;
(4) cumulative FiT budget; (5) FiT price; and (6) people’s
willingness.

It is worth mentioning that the model can be conveniently
extended to any other PV market, assuming the parameters
of the market are known with acceptable accuracy. As a mat-
ter of fact, the PVs development in different countries (in-
cluding Greece and the Netherlands) shows a similar trend
as in Germany and Italy, that is, slow growth at the begin-
ning (i.e., high “inertia” due to, for example, PV high cost),
then followed by a steady increase (e.g., good incentives and
PV cost reductions) and then a saturation due to the high
burden on government budget (e.g., FiT price decreases sig-
nificantly compared to the early stage). The global PV mar-
ket is likely to follow a similar trend to the one described
above, which is currently in the steady increase phase due to
good government incentives and solar PV cost reductions).
Therefore, a potential application of the proposed model is
the global PV market.

For completeness and reproducibility of the results, the
input data of the model are given in Appendix A. In partic-
ular, the parameter values and historical data are given in
Tables 3-4 for Italy, and in Tables 5-6 for Germany. It is rel-
evant to note that some of the parameters can be obtained
by conducting surveys [29]. All simulations in this work are
performed using the software tool Dome, that is designed for
the transient analysis of nonlinear dynamic systems [30].
4.1. Solar PV Development in Italy 2008-2014

Figures 1-5 compare the historical PV installed capac-
ity, generation, fund, costs, and FiT price values with their
respective simulated values, while Fig. 6 shows the evolution
of the willingness of the people.

Results indicate that, if the parameters are properly cho-
sen, the model can accurately reproduce the historical data.
In particular, the model is able to predict the relatively slow
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response of the installed PV capacity (with a rate of change
of approximately 3000 MW/Year) to the policy during the
first years (see Fig. 1). This slow response implies that dur-
ing the first years there is a high “inertia” mainly due to high
initial PV costs (Fig. 4), even though the willingness of the
people to install PVs is high (Fig. 6). Note that the current
model does not account for other factors that may impact
the PV installation in the first years, e.g. large development
times and/or administrative procedures.
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Figure 1: Italian case: Cumulative solar PV installations.
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Figure 2: Italian case: Cumulative solar PV generation.
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Figure 3: Italian case: Cumulative FiT fund.

It is also worth observing that the model almost perfectly
matches the cumulative solar PV generation over the years
(Fig. 2) and forecasts reasonably well the FiT fund (Fig. 3).
The validation of the learning-by-doing model against real

data from the Italian market (Eq. (1)) is shown in Fig. 4. In
particular, it can be observed that in the first few years the
model predicts that the cost reductions take place sooner,
while in the last two years the model overestimates the PV
costs (Fig. 4). However, it appears that these differences in
the cost predictions do not significantly impact the PV in-
stalled capacity (Fig. 1).
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Figure 4: Italian case: Solar PV cost.
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Figure 5: Italian case: Solar PV feed-in tariff price.
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Figure 6: Italian case: Willingness of people to install solar PVs.

With regard to the FiT price, Fig. 5 shows that the model
captures very well its evolution in the considered period of
analysis. Therefore, the use of Eq. (4) appears to be useful
in predicting the change of FiT price over time. The will-
ingness of the people to install solar PVs is shown in Fig. 6.
As expected, evolution of the willingness is proportional to
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the FiT price (Fig. 5). However, it is interesting to note that
people’s willingness reaches the limit (2 ⋅ 10−5 considered
in this paper) at around 2012 when the FiT price was fixed
and the lowest of the policy. These results explain the small
increase of the solar PV installations after 2013 (see Fig. 1).
Thus, keeping high FiT prices is crucial for the willingness
of people to install PVs.
4.2. Solar PV Development in Germany 2000-2014

This second example validates the model against histor-
ical data of the solar PV systems in Germany in the period
2000-2014. This is needed to check if the model is general
enough to reproduce different PV markets. With this aim,
and similar to the Italian case, Figs. 7-11 show the compari-
son between historical values and simulated ones. Moreover,
Fig. 12 shows the evolution of the willingness of the people
to install PVs.
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Figure 7: German case: Cumulative solar PV installed.
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Figure 8: German case: Cumulative solar PV generation.

In general, the proposed model is able to represent the
development of the PV market in Germany between 2000-
2014. However, compared to the Italian case, the differ-
ences between historical and simulated values are slightly
more evident. Specifically, while the model is able to accu-
rately reproduce the historical data of the PV installations
(Fig. 7) and generation (Fig. 8), PV costs (Fig. 9), FiT bud-
get (Fig. 10) and FiT price (Fig. 11) are predicted with less
accuracy.

The main reason for these deviations is that several pa-
rameters, e.g., the electricity price 𝜆 and the levy constant
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Figure 9: German case: Solar PV cost.

𝐿𝑃 , are time-dependent and change significantly over the
years. This is however unpredictable and cannot be properly
modelled a priori. For example, at the beginning, the elec-
tricity price 𝜆 and the levy constant were small [23]. The
government then realised that to further incentivize the PV
market, they needed to increase the burden on the consumer
electricity bill. As a result, the FiT budget does not increase
linearly, as predicted by the proposed model (see Fig. 10).
Note that assuming constant parameters is a common ap-
proach in the literature. For example, reference [15] uses
a simple constant penetration rate for the contribution of re-
newable energies in the energy mix. While a reason why
the PV cost does not follow the learning-by-doing concept
(Eq. (1)) is due to PV material scarcity in the PV production
facilities. For example, reference [31] states: “Unexpected
demand growth, driven by rapid increase of support schemes
across the globe, resulted in demand increases that exceeded
production capacity, and thus created scarcity rents”. It is
relevant to note, however, that while the proposed model
cannot anticipate the changes in the policy, it provides a tool
to estimate what happens if some of the parameters are var-
ied. This feature is discussed in detail in Section 5.
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Figure 10: German case: Cumulative FiT fund.

Fig. 12 shows the evolution of the willingness of the pub-
lic to install PV panels. While the willingness has gener-
ally the same trend as the FiT price (Fig. 11), its behav-
ior changes when it reaches its lowest value. Specifically,
Fig. 12 shows that at the end of the period of analysis (i.e.,
the year 2014), the willingness has a value of more than 0.4.
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Figure 11: German case: Solar PV feed-in tariff price.
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Figure 12: German case: Willingness of people to install solar
PVs.

This value is significantly higher compared to that obtained
in Italy (2 ⋅ 10−5). This means that, compared to Italy, the
willingness of people in Germany was relatively high. These
results can explain the development of solar PV installations
in Germany, where there is still a strong increase in the num-
ber of PVs installed [32]. In contrast, Italy’s PV market has
seen a prolonged rise in the number of PVs after 2014 [33].

To better analyze the accuracy of the proposed model,
similar to [10], we use the coefficient of determination 𝑅2 as
a metric. In particular, the higher 𝑅2 is, the better the model
fits the actual data. The limit case is 𝑅2 = 1, for which the
model exactly matches the actual data. Table 1 summarizes
the results for the German and Italian cases. As expected,
for the Italian case, all 𝑅2 are close to 1, which indicates a
good match between model and actual data. While the Ger-
man case has idiosyncrasies that cannot be fully captured (in
particular, the FiT fund), the proposed model is still able to
give the correct trend in all cases.

Furthermore, to compare the model’s performance to that
of other complex methods from the literature, we show in
Tab. 1 the same metric for the cumulative PVs installations
for the Spain and Taiwan cases , see [10], [12], respectively.
Note that neither of these shows other variables considered
in our work (e.g., cumulative solar PV production and/or the
PV cost). As it can be seen, the proposed model appears to
have similar performance compared to other more complex
models proposed in the literature. Therefore, it is fair to say
that, overall, the proposed model passes the validation test.

5. Sensitivity Analysis
This section presents a sensitivity analysis of the model

using the Italian case for the period 2008-2014. The goal is
to show the effect of varying different parameters of the pro-
posed model. This goal is adequately attained by discussing
only one PV market. Of course, the same analysis could also
be repeated for the German case (and possibly for others,
too), without however contributing any additional insights.
Using adequate parameters is, in fact, crucial to obtain a re-
liable prediction of the evolution of the PV technology [15].
Unless stated otherwise, for all scenarios, we show two vari-
ables of the system, namely, the cumulative solar PV capac-
ity and generation.
5.1. Results and Discussion
5.1.1. Effect of Different Cost Modelling

This section compares different PV cost modelling and
their impact on the PV capacity and generation. As dis-
cussed in Section 3, we have proposed the utilization of the
learning-by-doing model, which is based on Eq. (1). While
this model is heuristic, we show in this section that it is ac-
tually quite accurate. For illustration, we compare the pro-
posed learning-by-doing and a simple linear cost modelling
and show their effect on the evolution of the PV capacity and
generation.
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Figure 13: Italian case: Cumulative solar PV installed.
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Figure 14: Italian case: Cumulative solar PV generation.

Figures 13-14 show the evolution of the PV capacity and
generation during the period 2008-2014 for different PV cost
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Table 1
Coefficient of determination 𝑅2 for the German and Italian cases.
Item 𝑅2 (German) 𝑅2 (Italian) 𝑅2 (Spain) 𝑅2 (Taiwan)
Cumulative PV installations 0.932 0.983 0.971 0.990
Cumulative solar PV production 0.940 0.996
PV cost 0.550 0.904
FiT price 0.770 0.989
Cumulative FiT fund 0.167 0.985

modelling. The learning-by-doing approach leads to a better
forecast compared to the linear one, i.e., the linear cost mod-
elling leads to an underestimate of the PV capacity. These
results support the utilization of Eq. (1).
5.1.2. Effect of 𝛽

In this section, we compare the effect of different learn-
ing coefficients 𝛽 in the evolution of the PV technology. Such
analysis is relevant because the value of the parameter 𝛽 is
not always obvious [34]. For example, different values of 𝛽
are indicated for Germany in [12] and [8]. For this reason,
the sensitivity analysis is carried out using three values of 𝛽,
namely, 0.2, 0.322, and 0.4 [8].
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Figure 15: Italian case: Cumulative solar PV installed.
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Figure 16: Italian case: Cumulative solar PV generation.

Figures 15-16 show that results are sensitive to the value
of the learning parameter 𝛽. Moreover, it can be seen that
larger values of 𝛽 lead to higher PV installed capacity and
generation. This was to be expected. Larger values of 𝛽

mean a higher accumulation of experience as well as a faster
decrease of the PV system costs.
5.1.3. Effect of Load Consumption

Another relevant but uncertain parameter of the model is
the load power consumption. Three scenarios are assumed
namely, 1% consumption increase per year, constant load
consumption, and 1% decrease per year. The results of the
sensitivity analysis are shown in Figs. 17-18.
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Figure 17: Italian case: Cumulative solar PV installed.
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Figure 18: Italian case: Cumulative solar PV generation.

These figures show that different levels of load power
consumption lead to similar trends in the evolution of PV
capacity. It appears, thus, that the load power consumption
is not a highly sensitive parameter of the model. However,
it is worth observing that the higher the load consumption,
the bigger the increase of the PV capacity and generation.
In other words, the increase of 𝑒𝐿 impacts positively on the
development of the PV market.
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5.1.4. Effect of Levy
In this section, we perform a sensitivity analysis with re-

spect to different levy constant values 𝐿𝑃 . This parameter
defines the level of financial support from the governments
to support the development of different energy technologies
(see Eq. (10)). It has been observed that over time this pa-
rameter changes significantly (i.e., very uncertain) [23]. With
this aim, three scenarios are considered, namely, 𝐿𝑃 = 10%,
𝐿𝑃 = 15%, and 𝐿𝑃 = 20%, respectively. These values are
realistic and are consistent with what happened in Italy [18].
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Figure 19: Italian case: Cumulative solar PV installed.
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Figure 20: Italian case: Cumulative solar PV generation.

Figures 19-20 show that the levy constant is a highly sen-
sitive parameter. This was to be expected as this parameter
defines the amount of money (budget) that the government
puts in place to support the PV technology. Results confirm
the previous conclusion that government financial support
is crucial for successfully integrating and fostering the solar
PV market.
5.1.5. Effect of the Electricity Price

This section discusses the impact of the electricity price
𝜆 on the evolution of the PV market. Similar to the previ-
ous sections, a sensitivity analysis is carried out considering
three values of 𝜆, namely, 100, 200, and 300 EUR/MWh,
respectively.

Figures 19-20 show that with the increase of 𝜆 there is
an increase in the solar PV installations and generation. This
has also to be expected because increasing 𝜆means that there
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Figure 21: Italian case: Cumulative solar PV installed.
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Figure 22: Italian case: Cumulative solar PV generation.

is more money to support the development of the PV market
(Eq. (10)). It can be concluded that the electricity price 𝜆 is
a highly sensitive parameter of the model.
5.1.6. Effect of 𝑦max

The Italian government closed the FiT program in July
2013 when the budget limit was reached (i.e., 6,700 MEUR)
[19]. It is relevant to study the impact of such a cap on the
evolution of the PV market. In the proposed model, this in-
formation is given by 𝑦max. With this aim, we vary the value
of 𝑦max and observe its impact on the PV capacity and gen-
eration. Three values are used, namely, 4,700, 6,700, and
8,700 MEUR, respectively.
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Figure 23: Italian case: Cumulative solar PV installed.

Figures 23-26 show the results. Interestingly, there are
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Figure 24: Italian case: Cumulative solar PV generation.
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Figure 25: Italian case: Cumulative FiT fund.
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Figure 26: Italian case: Solar PV FiT.

no significant differences with respect to the PV installed
capacity and generation. This can be explained by the fact
that in 2012 the FiT price is too low (104 EUR/MWh) to
incentivize people to install solar PVs (see Fig. 26). This
affects negatively the people’s willingness, which hits the
lower limit considered, i.e., 2 ⋅ 10−5, as shown in Fig. 6.
It descends that keeping high FiT prices is vital if an en-
ergy policy is to be successful. By doing that, governments
can increase the willingness of people to install solar PVs.
However, high FiT rates may lead to economic instability
[35]. Therefore governments should find a trade-off between
compensation for investors and a reasonable burden for the
energy consumers [15].

5.1.7. Effect of 𝑇𝑛Since we are using a dynamic model based on differential
equations, it is relevant to perform a sensitivity analysis with
respect to the time constants of the main state variables of
the system, namely, 𝑇𝑛, 𝑇𝛼 and 𝑇𝑦. In this first scenario, we
discuss the effect of the time constant of the cumulative solar
PV capacity, 𝑇𝑛.
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Figure 27: Italian case: Cumulative solar PV installed.
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Figure 28: Italian case: Cumulative solar PV generation.

Figures 27-28 plot the relevant results. It can be seen that
𝑇𝑛 is a highly sensitive parameter of the system and greatly
impacts the number of PV installations and the cumulative
PV generation. For example, decreasing 𝑇𝑛 from 70 days
(which is the base case) to 46 days leads to an increase of
more than 1 GW installed capacity.
5.1.8. Effect of 𝑇𝛼Another relevant time constant of the model is 𝑇𝛼 , which
defines the dynamics of the FiT price and willingness of the
people (Eq. (5)). In this context, and similar to the previous
scenario, a sensitivity analysis is performed and the relevant
results are shown in Figs. 29-30.

Both figures indicate that the evolution of the PV capac-
ity and generation over the years is highly sensitive to 𝑇𝛼 .
5.1.9. Effect of 𝑇𝑦This scenario discusses the sensitivity analysis with re-
spect to the time constant of the FiT budget, 𝑇𝑦 (Eq. (10)).
Figures 31-32 show relevant results.
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Figure 29: Italian case: Cumulative solar PV installed.
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Figure 30: Italian case: Cumulative solar PV generation.
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Figure 31: Italian case: Cumulative solar PV installed.

Decreasing the time constant 𝑇𝑦 from 8 hours (base case)
to 3 hours leads to an increase with more than 3 GW of PV
installed capacity (see Fig. 31).

6. Conclusions
The last two decades saw an unprecedented increase in

solar PV installations in Italy and Germany. The main driv-
ing force was extremely generous FiT applied by the respec-
tive governments that encouraged the public to invest in PV
systems. While FiT is an excellent mechanism to incentivize
investors, it led to a severe impact on system costs and eco-
nomic instability (tens of thousands of MEUR to be paid by
the energy consumers). An accurate dynamic model appears
thus as a relevant tool to predict and prevent the collapse of
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Figure 32: Italian case: Cumulative solar PV generation.

these schemes and help choose a trade-off between a good
compensation for investors and a reasonable burden for the
energy consumers [15].

Motivated by the discussion above, this paper presents
a long-term dynamic model to assess such energy policies
promoting solar PV through FiT schemes.

The proposed model appears to be general enough to re-
produce with good accuracy the long-term development of
the solar PV market in both countries (see Figs. 1-12). More-
over, this model provides valuable information to policy-
makers by relating, for example, FiT policy parameters (e.g.,
FiT price) to actual PV deployment. Therefore, we believe
that the model is a useful tool for policy-making institutions
to capture the long-term behavior of an energy technology
such as that of PVs. This is facilitated by the fact that one can
easily implement the proposed model (Eqs. (1)-(17)) and re-
produce the results in any of the many software packages de-
signed to integrate a set of differential equations. This is an
advantage compared to other complex methods presented in
the literature that require specific software tools [14, 10, 12].
A simple yet accurate model, in fact, is much more likely to
be implemented and used in practice by policymakers.

The development of the PV markets in Italy and Ger-
many is directly related to FiT levels. For example, low
tariffs in Italy contributed to discouraging people from in-
stalling solar PVs (i.e., very low willingness). When com-
paring the two countries considered in this work, the model
validation test showed that people in Germany had a much
higher willingness (18,000 times higher than people in Italy
according to this work) at the end of the period of analysis.
These results support the idea that despite declining invest-
ment costs, incentive policies are still required to increase
the share of alternative technologies such as solar PV [10].
This is especially the case of Italy, where the FiT scheme
was replaced with other policy mechanisms [19].

The parametric sensitivity analysis of the model in Sec-
tion 5 for the solar PV market in Italy revealed that:

• The learning-by-doing approach is accurate enough to
predict the evolution of the PV cost and capacity.

• The learning parameter 𝛽, the levy constant 𝐿𝑃 , the
electricity price 𝜆 as well as the time constants of the
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Table 2
Variables.
Variable Description Unit Reference
𝑒𝑧(𝑡) PV production MWh [8]
𝑧(𝑡) Cumulative solar PV production MWh [8]
𝑐(𝑡) PV cost EUR/MW [27]
𝑛(𝑡) Cumulative PV installations MW This work
𝑓 (𝑡) FiT price EUR/MWh This work
𝑤(𝑡) Willingness of people to install PVs - This work
𝛼(𝑡) Function that models FiT price evolution EUR/MWh This work
𝑥(𝑡) Cumulative expenses to support PV production EUR [15]
𝑦(𝑡) Cumulative revenue of the FiT fund EUR [15]

state variables of the system are highly sensitive pa-
rameters of the model and as such they have to be care-
fully chosen in order to obtain a realistic prediction of
the PV capacity.

• The sensitivity of the parameters of the load consump-
tion and the system total budget do not change signif-
icantly the effect of the incentives.

We see many directions for future work. For instance,
the proposed model is general and, we believe, can be ap-
plied to other technologies. Thus, validating the model against
other energy technologies, such as wind power and elec-
tric vehicles, is a promising direction. Furthermore, we are
aware of a few limitations (e.g., some parameters are tuned
by trial-and-error) of the proposed model and recognize that
there is still room for improvement in terms of accuracy for
some variables. Finally, a promising approach to capturing
certain aspects of people’s long-term behaviour (e.g., their
willingness) is through fractional calculus, i.e., represent-
ing the dynamics of people’s behavior with properly defined
fractional-order differential equations [36, 37].

A. Appendix
This appendix provides all the information concerning

the variables (Tab. 2), parameters and data of the model used
in the simulations of the two real-world cases considered in
the paper, namely, Italy (Tabs. 3-4) and Germany (Tabs. 5-
6).

B. Appendix
This section provides the limits of the relevant variables

of the model.
Limit on 𝑒𝑧(𝑡):

𝑒𝑧(𝑡) ≤ 𝑒𝐺 , (12)
where 𝑒𝐺 represents the total energy generation (assumed to
be constant in this work).

Limits on 𝑦(𝑡):
if 𝑦(𝑡) ≥ 𝑛max ∶ 𝑦(𝑡) = 𝑦max
if 𝑦(𝑡) ≤ 𝑦min ∶ 𝑦(𝑡) = 𝑦min
otherwise ∶ Eq. (3) ,

(13)

where 𝑦min and 𝑦max represent the minimum and maximum
FiT fund, respectively.
Limits on 𝑛(𝑡):

if 𝑛(𝑡) ≥ 𝑛max ∶ 𝑛(𝑡) = 𝑛max
if 𝑛(𝑡) ≤ 𝑛min ∶ 𝑛(𝑡) = 𝑛min
otherwise ∶ Eq. (3) ,

(14)

where 𝑛min and 𝑛max represent the minimum and maximum
PV installed capacity, respectively.
Limits on 𝑓 (𝑡):

if 𝑓 (𝑡) ≥ 𝑓max ∶ 𝑓 (𝑡) = 𝑓max
if 𝑓 (𝑡) ≤ 𝑓min ∶ 𝑓 (𝑡) = 𝑓min
otherwise ∶ Eq. (4) ,

(15)

where 𝑓min and 𝑓max represent the minimum and maximum
FiT price, respectively.
Limits on 𝛼(𝑡):

if 𝛼(𝑡) ≥ 𝛼max ∶ 𝛼(𝑡) = 𝛼max
if 𝛼(𝑡) ≤ 𝛼min ∶ 𝛼(𝑡) = 𝛼min
otherwise ∶ Eq. (5) ,

(16)

where 𝛼min and 𝛼max represent the minimum and maximum
value of 𝛼(𝑡), respectively.
Limits on 𝑤(𝑡)

if 𝑤(𝑡) ≥ 𝑤max ∶ 𝑤(𝑡) = 𝑤max
if 𝑤(𝑡) ≤ 𝑤min ∶ 𝑤(𝑡) = 𝑤min
otherwise ∶ Eq. (6) ,

(17)

where 𝑤min and 𝑤max represent the minimum and maximum
value of 𝑤(𝑡), respectively.

T. Kërçi et al.: Preprint submitted to Energy Page 12 of 16



T. Kërçi et al.

Table 3
Italian case: Parameter values. These data are based on this work and [8, 33, 38].
Parameter Description Unit Value
Period of analysis 2008-2014 Year 6
𝑒𝐺 Total energy generation MWh 40,000
𝑒𝐿 Total energy consumption MWh 39,200
𝐼 Reference PV yield MWh/MW 1,250,000
𝑃𝑅 Performance ratio % 85
𝛽 Learning coefficient 0.322
𝑐0 PV initial cost MEUR/MW 5
𝑛0 Initial PV MW installed MW 496
𝑛max Maximum cumulative PV installations MW 103,000
𝑛min Minimum cumulative PV installations MW 496
𝑦max Maximum PV fund MEUR 6,700
𝑦min Minimum PV fund MEUR 0
𝛼max Maximum value of 𝛼(𝑡) EUR/MWh 450
𝛼min Minimum value of 𝛼(𝑡) EUR/MWh 0.01
𝛼(𝑡0) Initial value of 𝛼(𝑡) EUR/MWh 450
𝛼0 Disturbance of 𝛼(𝑡) EUR/MWh 1.2𝛼(𝑡0)
𝑤max Maximum value of 𝑤(𝑡) 1
𝑤min Minimum value of 𝑤(𝑡) 2 ⋅ 10−5
𝑇𝑧 Time constant of Eq. (8) h 0.25
𝑇𝑛 Time constant of Eq. (3) h 1,667
𝑇𝛼 Time constant of Eq. (5) h 14,139
𝑇𝑥 Time constant of Eq. (9) h 8
𝑇𝑦 Time constant of Eq. (10) h 8
𝜆 Electricity price EUR/MWh 200
𝐿𝑃 Levy constant % 15
𝑓0 Initial FiT price EUR/MWh 450
𝜏 Time delay of variable 𝛼(𝑡) h 13,333

Table 4
Italian case: PV historical data. These data are based on this work and [33, 39, 40].
Year Capacity Generation Cost Fund FiT price

MW GWh MEUR/MW MEUR EUR/MWh
2008 496 200 5 0 450
2009 1,277 877 4.1 1,340 440
2010 3,605 2,751 2.8 2,680 411
2011 13,141 13,419 2.2 4,020 350
2012 16,796 32,050 1.2 5,360 250
2013 18,197 53,279 0.920 6,700 104
2014 18,606 76,578 0.8 6,700 104

C. Acknowledgements
This work was supported by Science Foundation Ireland,

by funding T. Kërçi and F. Milano under project ESIPP, grant
no. SFI/15/SPP/E3125; by the European Commission, by
funding F. Milano under project edgeFLEX, grant agree-
ment no. 883710; and by the Swiss National Science Foun-
dation, by funding G. Tzounas under NCCR Automation,
grant no. 51NF40 18054.

CRediT authorship contribution statement
Taulant Kërçi: Conceptualization, Methodology, Soft-

ware, Validation, Original draft preparation, Writing- Re-

viewing and Editing. Georgios Tzounas: Software, Writing-
Reviewing and Editing. Federico Milano: Supervision, Con-
ceptualization, Methodology, Writing- Reviewing and Edit-
ing.

References
[1] S. Danchev, G. Maniatis, A. Tsakanikas, Returns on invest-

ment in electricity producing photovoltaic systems under
de-escalating feed-in tariffs: The case of Greece, Renew-
able and Sustainable Energy Reviews 14 (1) (2010) 500–505.
doi:https://doi.org/10.1016/j.rser.2009.08.008.
URL https://www.sciencedirect.com/science/article/pii/

S1364032109002111

[2] V. Di Dio, S. Favuzza, D. La Cascia, F. Massaro, G. Zizzo, The
evolution of the FIT mechanism in Italy for PV systems: A criti-

T. Kërçi et al.: Preprint submitted to Energy Page 13 of 16

https://www.sciencedirect.com/science/article/pii/S1364032109002111
https://www.sciencedirect.com/science/article/pii/S1364032109002111
https://www.sciencedirect.com/science/article/pii/S1364032109002111
https://doi.org/https://doi.org/10.1016/j.rser.2009.08.008
https://www.sciencedirect.com/science/article/pii/S1364032109002111
https://www.sciencedirect.com/science/article/pii/S1364032109002111
https://ieeexplore.ieee.org/document/6749877
https://ieeexplore.ieee.org/document/6749877
https://ieeexplore.ieee.org/document/6749877


T. Kërçi et al.

Table 5
German case: Parameter values. These data are based on this work and [12, 41, 32].
Parameter Description Unit Value
Period of analysis 2000-2014 Year 14
𝑒𝐺 Total energy generation MWh 60,000
𝑒𝐿 Total energy consumption MWh 58,800
𝐼 Reference PV yield MWh/MW 875,000
𝑃𝑅 Performance ratio % 85
𝛽 Learning coefficient 0.322
𝑐0 PV initial cost MEUR/MW 6.5
𝑛0 Initial PV MW installed MW 114
𝑛max Maximum cumulative PV installations MW 200,000
𝑛min Minimum cumulative PV installations MW 114
𝑦max Maximum PV fund MEUR -
𝑦min Minimum PV fund MEUR 0
𝛼max Maximum value of 𝛼(𝑡) EUR/MWh 500
𝛼min Minimum value of 𝛼(𝑡) EUR/MWh 0.01
𝛼(𝑡0) Initial value of 𝛼(𝑡) EUR/MWh 500
𝛼0 Disturbance of 𝛼(𝑡) EUR/MWh 1.2𝛼(𝑡0)
𝑤max Maximum value of 𝑤(𝑡) 1
𝑤min Minimum value of 𝑤(𝑡) 2 ⋅ 10−5
𝑇𝑧 Time constant of Eq. (8) h 0.28
𝑇𝑛 Time constant of Eq. (3) h 15,972
𝑇𝛼 Time constant of Eq. (5) h 83,333
𝑇𝑥 Time constant of Eq. (9) h 8
𝑇𝑦 Time constant of Eq. (10) h 5
𝜆 Electricity price EUR/MWh 150
𝐿𝑃 Levy constant % 5
𝑓0 Initial FiT price EUR/MWh 500
𝜏 Time delay of variable 𝛼(𝑡) h 8,760

Table 6
German case: PV historical data. These data are based on this work and [41, 23, 42].
Year Capacity Generation Cost Fund FiT price

MW GWh MEUR/MW MEUR EUR/MWh
2000 114 60 6.5 14 500
2001 176 136 5.0 51 506
2002 296 292 5.0 129 481
2003 435 611 5.0 274 457
2004 1,105 1,168 5.0 540 574
2005 2,056 2,450 5.0 1,176 545
2006 2,899 4,670 5.0 2,266 518
2007 4,170 7,745 5.0 3,729 492
2008 6,120 12,165 5.0 5,689 467
2009 10,556 18,748 4.1 8,365 430
2010 17,994 30,477 2.8 12,830 391
2011 25,429 50,076 2.2 19,468 287
2012 33,033 76,456 1.2 27,407 244
2013 36,337 107,466 0.92 35,683 170
2014 38,236 143,522 0.8 44,849 136

cal analysis, in: 2013 International Conference on Renewable En-
ergy Research and Applications (ICRERA), 2013, pp. 890–895. doi:
10.1109/ICRERA.2013.6749877.
URL https://ieeexplore.ieee.org/document/6749877

[3] T. Couture, Y. Gagnon, An analysis of feed-in tariff remu-
neration models: Implications for renewable energy invest-
ment, Energy Policy 38 (2) (2010) 955–965. doi:https:

//doi.org/10.1016/j.enpol.2009.10.047.

URL https://www.sciencedirect.com/science/article/pii/

S0301421509007940

[4] K.-K. Kim, C.-G. Lee, Evaluation and optimization of feed-in tariffs,
Energy Policy 49 (2012) 192–203, special Section: Fuel Poverty
Comes of Age: Commemorating 21 Years of Research and Policy.
doi:https://doi.org/10.1016/j.enpol.2012.05.070.
URL https://www.sciencedirect.com/science/article/pii/

S0301421512004831

T. Kërçi et al.: Preprint submitted to Energy Page 14 of 16

https://ieeexplore.ieee.org/document/6749877
https://ieeexplore.ieee.org/document/6749877
https://ieeexplore.ieee.org/document/6749877
https://ieeexplore.ieee.org/document/6749877
https://doi.org/10.1109/ICRERA.2013.6749877
https://doi.org/10.1109/ICRERA.2013.6749877
https://ieeexplore.ieee.org/document/6749877
https://www.sciencedirect.com/science/article/pii/S0301421509007940
https://www.sciencedirect.com/science/article/pii/S0301421509007940
https://www.sciencedirect.com/science/article/pii/S0301421509007940
https://doi.org/https://doi.org/10.1016/j.enpol.2009.10.047
https://doi.org/https://doi.org/10.1016/j.enpol.2009.10.047
https://www.sciencedirect.com/science/article/pii/S0301421509007940
https://www.sciencedirect.com/science/article/pii/S0301421509007940
https://www.sciencedirect.com/science/article/pii/S0301421512004831
https://doi.org/https://doi.org/10.1016/j.enpol.2012.05.070
https://www.sciencedirect.com/science/article/pii/S0301421512004831
https://www.sciencedirect.com/science/article/pii/S0301421512004831


T. Kërçi et al.

[5] H. E. Murdock, D. Gibb, T. Andre, J. L. Sawin, A. Brown,
L. Ranalder, U. Collier, C. Dent, B. Epp, C. Hareesh Kumar, et al.,
Renewables 2021-global status report (2021).
URL https://www.ren21.net/wp-content/uploads/2019/05/GSR2021_

Full_Report.pdf

[6] Z. Dong, X. Yu, C.-T. Chang, D. Zhou, X. Sang, How does
feed-in tariff and renewable portfolio standard evolve synergis-
tically? an integrated approach of tripartite evolutionary game
and system dynamics, Renewable Energy 186 (2022) 864–877.
doi:https://doi.org/10.1016/j.renene.2022.01.030.
URL https://www.sciencedirect.com/science/article/pii/

S0960148122000301

[7] X. Yu, S. Ge, D. Zhou, Q. Wang, C.-T. Chang, X. Sang, Whether feed-
in tariff can be effectively replaced or not? an integrated analysis of re-
newable portfolio standards and green certificate trading, Energy 245
(2022) 123241. doi:https://doi.org/10.1016/j.energy.2022.123241.
URL https://www.sciencedirect.com/science/article/pii/

S036054422200144X

[8] F. Spertino, P. Di Leo, V. Cocina, Economic analysis of investment
in the rooftop photovoltaic systems: A long-term research in the two
main markets, Renewable and Sustainable Energy Reviews 28 (2013)
531–540. doi:https://doi.org/10.1016/j.rser.2013.08.024.
URL https://www.sciencedirect.com/science/article/pii/

S1364032113005649

[9] IRENA, Renewable energy capacity statistics 2022 (2022).
URL https://www.irena.org/-/media/Files/IRENA/Agency/

Publication/2022/Apr/IRENA_RE_Capacity_Statistics_2022.pdf

[10] A. Ibanez-Lopez, J. Martinez-Val, B. Moratilla-Soria, A dynamic
simulation model for assessing the overall impact of incentive policies
on power system reliability, costs and environment, Energy Policy 102
(2017) 170 – 188. doi:https://doi.org/10.1016/j.enpol.2016.12.026.
URL http://www.sciencedirect.com/science/article/pii/

S0301421516306887

[11] S. Movilla, L. J. Miguel, L. F. Blázquez, A system dynamics approach
for the photovoltaic energy market in Spain, Energy Policy 60 (2013)
142–154. doi:https://doi.org/10.1016/j.enpol.2013.04.072.
URL https://www.sciencedirect.com/science/article/pii/

S030142151300325X

[12] C.-W. Hsu, Using a system dynamics model to assess the effects of
capital subsidies and feed-in tariffs on solar PV installations, Applied
Energy 100 (2012) 205 – 217, clean Energy for Future Generations.
doi:https://doi.org/10.1016/j.apenergy.2012.02.039.
URL http://www.sciencedirect.com/science/article/pii/

S0306261912001389

[13] F. Ferioli, K. Schoots, B. van der Zwaan, Use and limitations
of learning curves for energy technology policy: A component-
learning hypothesis, Energy Policy 37 (7) (2009) 2525–2535.
doi:https://doi.org/10.1016/j.enpol.2008.10.043.
URL https://www.sciencedirect.com/science/article/pii/

S0301421508006101

[14] X. Guo, X. Guo, China’s photovoltaic power development under
policy incentives: A system dynamics analysis, Energy 93 (2015)
589–598. doi:https://doi.org/10.1016/j.energy.2015.09.049.
URL https://www.sciencedirect.com/science/article/pii/

S0360544215012591

[15] A. Pyrgou, A. Kylili, P. A. Fokaides, The future of the feed-in tariff
(fit) scheme in Europe: The case of photovoltaics, Energy Policy 95
(2016) 94–102. doi:https://doi.org/10.1016/j.enpol.2016.04.048.
URL https://www.sciencedirect.com/science/article/pii/

S0301421516302257

[16] C. Jeon, J. Shin, Long-term renewable energy technology val-
uation using system dynamics and Monte Carlo simulation:
Photovoltaic technology case, Energy 66 (2014) 447–457.
doi:https://doi.org/10.1016/j.energy.2014.01.050.
URL https://www.sciencedirect.com/science/article/pii/

S0360544214000711

[17] M. Antonelli, U. Desideri, Do feed-in tariffs drive PV
cost or viceversa?, Applied Energy 135 (2014) 721–729.

doi:https://doi.org/10.1016/j.apenergy.2014.06.059.
URL https://www.sciencedirect.com/science/article/pii/

S0306261914006412

[18] G. Scerrato, Solar PV feed-in tariff: the distortion of Italian power
market, in: XX Summer School "Francesco Turco" - Industrial
Systems Engineering, 2015, pp. 1–10.
URL http://www.summerschool-aidi.it/edition-2015/images/

Naples2015/proceed/30_scerrato.pdf

[19] P. Lazzeroni, S. Olivero, M. Repetto, Economic perspective
for PV under new Italian regulatory framework, Renew-
able and Sustainable Energy Reviews 71 (2017) 283–295.
doi:https://doi.org/10.1016/j.rser.2016.12.056.
URL https://www.sciencedirect.com/science/article/pii/

S136403211631111X

[20] R. Wand, F. Leuthold, Feed-in tariffs for photovoltaics: Learning
by doing in Germany?, Applied Energy 88 (12) (2011) 4387–4399.
doi:https://doi.org/10.1016/j.apenergy.2011.05.015.
URL https://www.sciencedirect.com/science/article/pii/

S0306261911003060

[21] C. Leepa, M. Unfried, Effects of a cut-off in feed-in tariffs on
photovoltaic capacity: Evidence from Germany, Energy Policy 56
(2013) 536–542. doi:https://doi.org/10.1016/j.enpol.2013.01.018.
URL https://www.sciencedirect.com/science/article/pii/

S0301421513000256

[22] J. Hoppmann, J. Huenteler, B. Girod, Compulsive policy-making-the
evolution of the German feed-in tariff system for solar pho-
tovoltaic power, Research Policy 43 (8) (2014) 1422–1441.
doi:https://doi.org/10.1016/j.respol.2014.01.014.
URL https://www.sciencedirect.com/science/article/pii/

S0048733314000249

[23] M. A. Andor, M. Frondel, C. Vance, Germany’s energiewende: a
tale of increasing costs and decreasing willingness-to-pay, The En-
ergy Journal 38 (KAPSARC Special Issue) (2017).
URL https://papers.ssrn.com/sol3/papers.cfm?abstract_id=2928760

[24] A. Held, M. Ragwitz, C. Huber, G. Resch, T. Faber, K. Vertin, Feed-
in systems in Germany, Spain and Slovenia: A comparison, Interna-
tional Feed-in Cooperation (2007).
URL http://www.mresearch.com/pdfs/docket4185/NG11/doc44.pdf

[25] M. D. Leiren, I. Reimer, Historical institutionalist perspective
on the shift from feed-in tariffs towards auctioning in ger-
man renewable energy policy, Energy Research & Social Sci-
ence 43 (2018) 33–40, sustainable energy transformations in
an age of populism, post-truth politics, and local resistance.
doi:https://doi.org/10.1016/j.erss.2018.05.022.
URL https://www.sciencedirect.com/science/article/pii/

S2214629618305152

[26] T. P. Wright, Factors affecting the cost of airplanes, Journal of the
aeronautical sciences 3 (4) (1936) 122–128.
URL https://arc.aiaa.org/doi/abs/10.2514/8.155

[27] A. MacGillivray, H. Jeffrey, M. Winskel, I. Bryden, Inno-
vation and cost reduction for marine renewable energy: A
learning investment sensitivity analysis, Technological Fore-
casting and Social Change 87 (2014) 108–124. doi:https:

//doi.org/10.1016/j.techfore.2013.11.005.
URL https://www.sciencedirect.com/science/article/pii/

S0040162513003041

[28] A. Masini, E. Menichetti, The impact of behavioural factors in
the renewable energy investment decision making process: Con-
ceptual framework and empirical findings, Energy Policy 40
(2012) 28–38, strategic Choices for Renewable Energy Investment.
doi:https://doi.org/10.1016/j.enpol.2010.06.062.
URL https://www.sciencedirect.com/science/article/pii/

S030142151000532X

[29] S. Bigerna, P. Polinori, Assessing the determinants of renewable
electricity acceptance integrating meta-analysis regression and a lo-
cal comprehensive survey, Sustainability 7 (9) (2015) 11909–11932.
doi:10.3390/su70911909.
URL https://www.mdpi.com/2071-1050/7/9/11909

T. Kërçi et al.: Preprint submitted to Energy Page 15 of 16

https://www.ren21.net/wp-content/uploads/2019/05/GSR2021_Full_Report.pdf
https://www.ren21.net/wp-content/uploads/2019/05/GSR2021_Full_Report.pdf
https://www.ren21.net/wp-content/uploads/2019/05/GSR2021_Full_Report.pdf
https://www.sciencedirect.com/science/article/pii/S0960148122000301
https://www.sciencedirect.com/science/article/pii/S0960148122000301
https://www.sciencedirect.com/science/article/pii/S0960148122000301
https://www.sciencedirect.com/science/article/pii/S0960148122000301
https://doi.org/https://doi.org/10.1016/j.renene.2022.01.030
https://www.sciencedirect.com/science/article/pii/S0960148122000301
https://www.sciencedirect.com/science/article/pii/S0960148122000301
https://www.sciencedirect.com/science/article/pii/S036054422200144X
https://www.sciencedirect.com/science/article/pii/S036054422200144X
https://www.sciencedirect.com/science/article/pii/S036054422200144X
https://doi.org/https://doi.org/10.1016/j.energy.2022.123241
https://www.sciencedirect.com/science/article/pii/S036054422200144X
https://www.sciencedirect.com/science/article/pii/S036054422200144X
https://www.sciencedirect.com/science/article/pii/S1364032113005649
https://www.sciencedirect.com/science/article/pii/S1364032113005649
https://www.sciencedirect.com/science/article/pii/S1364032113005649
https://doi.org/https://doi.org/10.1016/j.rser.2013.08.024
https://www.sciencedirect.com/science/article/pii/S1364032113005649
https://www.sciencedirect.com/science/article/pii/S1364032113005649
https://www.irena.org/-/media/Files/IRENA/Agency/Publication/2022/Apr/IRENA_RE_Capacity_Statistics_2022.pdf
https://www.irena.org/-/media/Files/IRENA/Agency/Publication/2022/Apr/IRENA_RE_Capacity_Statistics_2022.pdf
https://www.irena.org/-/media/Files/IRENA/Agency/Publication/2022/Apr/IRENA_RE_Capacity_Statistics_2022.pdf
http://www.sciencedirect.com/science/article/pii/S0301421516306887
http://www.sciencedirect.com/science/article/pii/S0301421516306887
http://www.sciencedirect.com/science/article/pii/S0301421516306887
https://doi.org/https://doi.org/10.1016/j.enpol.2016.12.026
http://www.sciencedirect.com/science/article/pii/S0301421516306887
http://www.sciencedirect.com/science/article/pii/S0301421516306887
https://www.sciencedirect.com/science/article/pii/S030142151300325X
https://www.sciencedirect.com/science/article/pii/S030142151300325X
https://doi.org/https://doi.org/10.1016/j.enpol.2013.04.072
https://www.sciencedirect.com/science/article/pii/S030142151300325X
https://www.sciencedirect.com/science/article/pii/S030142151300325X
http://www.sciencedirect.com/science/article/pii/S0306261912001389
http://www.sciencedirect.com/science/article/pii/S0306261912001389
https://doi.org/https://doi.org/10.1016/j.apenergy.2012.02.039
http://www.sciencedirect.com/science/article/pii/S0306261912001389
http://www.sciencedirect.com/science/article/pii/S0306261912001389
https://www.sciencedirect.com/science/article/pii/S0301421508006101
https://www.sciencedirect.com/science/article/pii/S0301421508006101
https://www.sciencedirect.com/science/article/pii/S0301421508006101
https://doi.org/https://doi.org/10.1016/j.enpol.2008.10.043
https://www.sciencedirect.com/science/article/pii/S0301421508006101
https://www.sciencedirect.com/science/article/pii/S0301421508006101
https://www.sciencedirect.com/science/article/pii/S0360544215012591
https://www.sciencedirect.com/science/article/pii/S0360544215012591
https://doi.org/https://doi.org/10.1016/j.energy.2015.09.049
https://www.sciencedirect.com/science/article/pii/S0360544215012591
https://www.sciencedirect.com/science/article/pii/S0360544215012591
https://www.sciencedirect.com/science/article/pii/S0301421516302257
https://www.sciencedirect.com/science/article/pii/S0301421516302257
https://doi.org/https://doi.org/10.1016/j.enpol.2016.04.048
https://www.sciencedirect.com/science/article/pii/S0301421516302257
https://www.sciencedirect.com/science/article/pii/S0301421516302257
https://www.sciencedirect.com/science/article/pii/S0360544214000711
https://www.sciencedirect.com/science/article/pii/S0360544214000711
https://www.sciencedirect.com/science/article/pii/S0360544214000711
https://doi.org/https://doi.org/10.1016/j.energy.2014.01.050
https://www.sciencedirect.com/science/article/pii/S0360544214000711
https://www.sciencedirect.com/science/article/pii/S0360544214000711
https://www.sciencedirect.com/science/article/pii/S0306261914006412
https://www.sciencedirect.com/science/article/pii/S0306261914006412
https://doi.org/https://doi.org/10.1016/j.apenergy.2014.06.059
https://www.sciencedirect.com/science/article/pii/S0306261914006412
https://www.sciencedirect.com/science/article/pii/S0306261914006412
http://www.summerschool-aidi.it/edition-2015/images/Naples2015/proceed/30_scerrato.pdf
http://www.summerschool-aidi.it/edition-2015/images/Naples2015/proceed/30_scerrato.pdf
http://www.summerschool-aidi.it/edition-2015/images/Naples2015/proceed/30_scerrato.pdf
http://www.summerschool-aidi.it/edition-2015/images/Naples2015/proceed/30_scerrato.pdf
https://www.sciencedirect.com/science/article/pii/S136403211631111X
https://www.sciencedirect.com/science/article/pii/S136403211631111X
https://doi.org/https://doi.org/10.1016/j.rser.2016.12.056
https://www.sciencedirect.com/science/article/pii/S136403211631111X
https://www.sciencedirect.com/science/article/pii/S136403211631111X
https://www.sciencedirect.com/science/article/pii/S0306261911003060
https://www.sciencedirect.com/science/article/pii/S0306261911003060
https://doi.org/https://doi.org/10.1016/j.apenergy.2011.05.015
https://www.sciencedirect.com/science/article/pii/S0306261911003060
https://www.sciencedirect.com/science/article/pii/S0306261911003060
https://www.sciencedirect.com/science/article/pii/S0301421513000256
https://www.sciencedirect.com/science/article/pii/S0301421513000256
https://doi.org/https://doi.org/10.1016/j.enpol.2013.01.018
https://www.sciencedirect.com/science/article/pii/S0301421513000256
https://www.sciencedirect.com/science/article/pii/S0301421513000256
https://www.sciencedirect.com/science/article/pii/S0048733314000249
https://www.sciencedirect.com/science/article/pii/S0048733314000249
https://www.sciencedirect.com/science/article/pii/S0048733314000249
https://doi.org/https://doi.org/10.1016/j.respol.2014.01.014
https://www.sciencedirect.com/science/article/pii/S0048733314000249
https://www.sciencedirect.com/science/article/pii/S0048733314000249
https://papers.ssrn.com/sol3/papers.cfm?abstract_id=2928760
https://papers.ssrn.com/sol3/papers.cfm?abstract_id=2928760
https://papers.ssrn.com/sol3/papers.cfm?abstract_id=2928760
http://www.mresearch.com/pdfs/docket4185/NG11/doc44.pdf
http://www.mresearch.com/pdfs/docket4185/NG11/doc44.pdf
http://www.mresearch.com/pdfs/docket4185/NG11/doc44.pdf
https://www.sciencedirect.com/science/article/pii/S2214629618305152
https://www.sciencedirect.com/science/article/pii/S2214629618305152
https://www.sciencedirect.com/science/article/pii/S2214629618305152
https://doi.org/https://doi.org/10.1016/j.erss.2018.05.022
https://www.sciencedirect.com/science/article/pii/S2214629618305152
https://www.sciencedirect.com/science/article/pii/S2214629618305152
https://arc.aiaa.org/doi/abs/10.2514/8.155
https://arc.aiaa.org/doi/abs/10.2514/8.155
https://www.sciencedirect.com/science/article/pii/S0040162513003041
https://www.sciencedirect.com/science/article/pii/S0040162513003041
https://www.sciencedirect.com/science/article/pii/S0040162513003041
https://doi.org/https://doi.org/10.1016/j.techfore.2013.11.005
https://doi.org/https://doi.org/10.1016/j.techfore.2013.11.005
https://www.sciencedirect.com/science/article/pii/S0040162513003041
https://www.sciencedirect.com/science/article/pii/S0040162513003041
https://www.sciencedirect.com/science/article/pii/S030142151000532X
https://www.sciencedirect.com/science/article/pii/S030142151000532X
https://www.sciencedirect.com/science/article/pii/S030142151000532X
https://doi.org/https://doi.org/10.1016/j.enpol.2010.06.062
https://www.sciencedirect.com/science/article/pii/S030142151000532X
https://www.sciencedirect.com/science/article/pii/S030142151000532X
https://www.mdpi.com/2071-1050/7/9/11909
https://www.mdpi.com/2071-1050/7/9/11909
https://www.mdpi.com/2071-1050/7/9/11909
https://doi.org/10.3390/su70911909
https://www.mdpi.com/2071-1050/7/9/11909


T. Kërçi et al.

[30] F. Milano, A Python-based software tool for power system analysis,
in: 2013 IEEE Power Energy Society General Meeting, 2013, pp. 1–
5. doi:10.1109/PESMG.2013.6672387.
URL https://ieeexplore.ieee.org/document/6672387

[31] T. Grau, M. Huo, K. Neuhoff, Survey of photovoltaic industry
and policy in germany and china, Energy Policy 51 (2012) 20–37.
doi:https://doi.org/10.1016/j.enpol.2012.03.082.
URL https://www.sciencedirect.com/science/article/pii/

S0301421512003345

[32] Fraunhofer ISE, Energy-charts (2021).
URL https://energy-charts.info/index.html?l=en&c=DE

[33] F. Tilli, G. Maugeri, National survey report of PV power applications
in Italy (2018).
URL https://iea-pvps.org/wp-content/uploads/2020/01/NSR_Italy_

2018.pdf

[34] A. M. Elshurafa, S. R. Albardi, S. Bigerna, C. A. Bollino, Es-
timating the learning curve of solar PV balance-of-system
for over 20 countries: Implications and policy recommen-
dations, Journal of Cleaner Production 196 (2018) 122–134.
doi:https://doi.org/10.1016/j.jclepro.2018.06.016.
URL https://www.sciencedirect.com/science/article/pii/

S0959652618316652

[35] A. Ciarreta, M. P. Espinosa, C. Pizarro-Irizar, Is green
energy expensive? empirical evidence from the Span-
ish electricity market, Energy Policy 69 (2014) 205–215.
doi:https://doi.org/10.1016/j.enpol.2014.02.025.
URL https://www.sciencedirect.com/science/article/pii/

S0301421514001141

[36] I. Dassios, T. Kërçi, D. Baleanu, F. Milano, Fractional-order dynam-
ical model for electricity markets, Mathematical Methods in the Ap-
plied Sciences n/a (2021).
URL https://onlinelibrary.wiley.com/doi/abs/10.1002/mma.7892

[37] T. Kërçi, G. Tzounas, I. Dassios, M. A. Adib Murad, F. Milano, A
short-term dynamic electricity market model with memory effect, in:
2021 IEEE Power Energy Society General Meeting (PESGM), 2021,
pp. 1–5. doi:10.1109/PESGM46819.2021.9637934.

[38] A2A, Italian energy market overview (2017).
URL https://s3-eu-west-1.amazonaws.com/a2a-be/a2a/2017-03/

Overview-Italian-Energy-Market-2015-2016.pdf

[39] A. Mahalingam, D. M. Reiner, Energy subsidies at times of economic
crisis: A comparative study and scenario analysis of Italy and Spain
(2016).
URL https://www.eprg.group.cam.ac.uk/wp-content/uploads/2016/

02/1603-PDF.pdf

[40] IRENA, Renewable power generation costs in 2014 (2015).
URL https://irena.org/-/media/Files/IRENA/Agency/Publication/

2015/IRENA_RE_Power_Costs_2014_report.pdf

[41] H. Schwarz, H. Schermeyer, V. Bertsch, W. Fichtner, Self-
consumption through power-to-heat and storage for enhanced PV
integration in decentralised energy systems, Solar Energy 163 (2018)
150–161. doi:https://doi.org/10.1016/j.solener.2018.01.076.
URL https://www.sciencedirect.com/science/article/pii/

S0038092X18300975

[42] J. P. Baginski, C. Weber, Coherent estimations for residential photo-
voltaic uptake in Germany including spatial spillover effects (2019).
URL https://papers.ssrn.com/sol3/papers.cfm?abstract_id=3357359

T. Kërçi et al.: Preprint submitted to Energy Page 16 of 16

https://ieeexplore.ieee.org/document/6672387
https://doi.org/10.1109/PESMG.2013.6672387
https://ieeexplore.ieee.org/document/6672387
https://www.sciencedirect.com/science/article/pii/S0301421512003345
https://www.sciencedirect.com/science/article/pii/S0301421512003345
https://doi.org/https://doi.org/10.1016/j.enpol.2012.03.082
https://www.sciencedirect.com/science/article/pii/S0301421512003345
https://www.sciencedirect.com/science/article/pii/S0301421512003345
https://energy-charts.info/index.html?l=en&c=DE
https://energy-charts.info/index.html?l=en&c=DE
https://iea-pvps.org/wp-content/uploads/2020/01/NSR_Italy_2018.pdf
https://iea-pvps.org/wp-content/uploads/2020/01/NSR_Italy_2018.pdf
https://iea-pvps.org/wp-content/uploads/2020/01/NSR_Italy_2018.pdf
https://iea-pvps.org/wp-content/uploads/2020/01/NSR_Italy_2018.pdf
https://www.sciencedirect.com/science/article/pii/S0959652618316652
https://www.sciencedirect.com/science/article/pii/S0959652618316652
https://www.sciencedirect.com/science/article/pii/S0959652618316652
https://www.sciencedirect.com/science/article/pii/S0959652618316652
https://doi.org/https://doi.org/10.1016/j.jclepro.2018.06.016
https://www.sciencedirect.com/science/article/pii/S0959652618316652
https://www.sciencedirect.com/science/article/pii/S0959652618316652
https://www.sciencedirect.com/science/article/pii/S0301421514001141
https://www.sciencedirect.com/science/article/pii/S0301421514001141
https://www.sciencedirect.com/science/article/pii/S0301421514001141
https://doi.org/https://doi.org/10.1016/j.enpol.2014.02.025
https://www.sciencedirect.com/science/article/pii/S0301421514001141
https://www.sciencedirect.com/science/article/pii/S0301421514001141
https://onlinelibrary.wiley.com/doi/abs/10.1002/mma.7892
https://onlinelibrary.wiley.com/doi/abs/10.1002/mma.7892
https://onlinelibrary.wiley.com/doi/abs/10.1002/mma.7892
https://doi.org/10.1109/PESGM46819.2021.9637934
https://s3-eu-west-1.amazonaws.com/a2a-be/a2a/2017-03/Overview-Italian-Energy-Market-2015-2016.pdf
https://s3-eu-west-1.amazonaws.com/a2a-be/a2a/2017-03/Overview-Italian-Energy-Market-2015-2016.pdf
https://s3-eu-west-1.amazonaws.com/a2a-be/a2a/2017-03/Overview-Italian-Energy-Market-2015-2016.pdf
https://www.eprg.group.cam.ac.uk/wp-content/uploads/2016/02/1603-PDF.pdf
https://www.eprg.group.cam.ac.uk/wp-content/uploads/2016/02/1603-PDF.pdf
https://www.eprg.group.cam.ac.uk/wp-content/uploads/2016/02/1603-PDF.pdf
https://www.eprg.group.cam.ac.uk/wp-content/uploads/2016/02/1603-PDF.pdf
https://irena.org/-/media/Files/IRENA/Agency/Publication/2015/IRENA_RE_Power_Costs_2014_report.pdf
https://irena.org/-/media/Files/IRENA/Agency/Publication/2015/IRENA_RE_Power_Costs_2014_report.pdf
https://irena.org/-/media/Files/IRENA/Agency/Publication/2015/IRENA_RE_Power_Costs_2014_report.pdf
https://www.sciencedirect.com/science/article/pii/S0038092X18300975
https://www.sciencedirect.com/science/article/pii/S0038092X18300975
https://www.sciencedirect.com/science/article/pii/S0038092X18300975
https://doi.org/https://doi.org/10.1016/j.solener.2018.01.076
https://www.sciencedirect.com/science/article/pii/S0038092X18300975
https://www.sciencedirect.com/science/article/pii/S0038092X18300975
https://papers.ssrn.com/sol3/papers.cfm?abstract_id=3357359
https://papers.ssrn.com/sol3/papers.cfm?abstract_id=3357359
https://papers.ssrn.com/sol3/papers.cfm?abstract_id=3357359

